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Abstract

Over the past two decades, scholars have sought to estimate the direct and indirect effects

of felony disenfranchisement on political representation. This literature, however, has often

overlooked both the geographic concentration of communities impacted by overincarceration

and the low propensity to vote exhibited by individuals convicted of felony crimes. In this

paper, I redefine “lost voters” as disenfranchised individuals with a history of participating

in elections. I map these individuals to their preincarceration addresses and use multiple ap

proaches to explore whether their home neighborhoods turned out at lower rates than other

neighborhoods in the 2017 NYC mayoral election. I find that neighborhoods that were home

to lost voters turnout at substantially lower rates than similar neighborhoods, and that Black

neighborhoods are particularly impacted by the spillover effects of disenfranchisement. These

indirect effects of the incarceration of wouldbe voters may have serious implications for the

representation of impacted neighborhoods.



Figure 1: Lost Voters on Election Day, 2017

Table 1: Neighborhood Demographics

Measure Average Neighborhood Average Neighborhood
for Lost Voters

StopandFrisk Encounters (per 1,000 residents)* 1.09 1.75
Median Income* $65,495 $47,806
Median Age* 37.1 35.4
% with Some College* 67.8% 62.4%
% NonHispanic White* 32.1% 13.8%
% NonHispanic Black* 21.9% 40.5%
% Latino* 29.1% 36.1%
% NonCitizen* 16.7% 15.3%
% Democrats* 67.9% 77.0%
∗ Difference is significant at 95% confidence level.
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Table 2: Standard Regression

Turnout Rate in 2017 General Election
(1) (2)

Lost Voters −0.008∗∗ 0.00004
(0.003) (0.003)

Lost Voters × Share NonHispanic Black −0.019∗∗

(0.009)

StopandFrisk Encounters (Per 1,000 Residents) −0.002∗∗∗ −0.002∗∗∗

(0.0004) (0.0003)

Median Income (Thousands of Dollars) 0.0002∗ 0.0002∗

(0.0001) (0.0001)

Percent Latino 0.065∗∗∗ 0.062∗∗

(0.025) (0.024)

Percent NonHispanic Black 0.063∗ 0.072∗∗

(0.034) (0.035)

Percent NonHispanic White 0.112∗∗∗ 0.113∗∗∗

(0.024) (0.024)

Percent With Some College 0.010 0.010
(0.031) (0.031)

Median Age 0.002∗∗∗ 0.002∗∗∗

(0.0004) (0.0004)

Registration Rate 0.186∗∗∗ 0.186∗∗∗

(0.011) (0.011)

Percent Democrats −0.074 −0.077
(0.081) (0.080)

Percent Noncitizen −0.178∗∗∗ −0.175∗∗∗

(0.053) (0.053)

Percent Won by City Council Representative −0.036 −0.036
(0.042) (0.042)

Constant −0.059 −0.059
(0.048) (0.048)

Observations 5,769 5,769
R2 0.424 0.425
Adjusted R2 0.423 0.424

∗∗∗𝑝 < 0.01, ∗∗𝑝 < 0.05, ∗𝑝 < 0.1.
Robust standard errors (clustered by city council district) in parentheses.
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Figure 2: Estimated Depressive Effect of Felony Disenfranchisement

Table 3: Results of Block GroupLevel Matching

Means: Unmatched Data Means: Matched Data Percent Improvement

Treated Control Treated Control Mean Diff eQQ Med eQQ Mean eQQ Max

StopandFrisk Encounters (Per 1,000 Residents) 1.52 1.22 1.52 1.40 59.18 80.84 74.64 64.80
% Latino 0.35 0.24 0.35 0.35 98.18 93.37 91.90 83.66
% NonHispanic Black 0.33 0.15 0.33 0.33 98.29 94.91 93.59 86.37
% NonHispanic White 0.20 0.41 0.20 0.20 97.57 92.56 89.24 83.47
Median Income 52,352.43 70,311.87 52,352.43 52,177.85 99.03 92.14 87.32 68.43
% With Some College 0.65 0.71 0.65 0.65 96.85 90.55 86.81 69.31
Median Age 35.61 38.12 35.61 35.68 97.21 68.61 73.56 63.48
Registration Rate 0.98 0.93 0.98 0.96 49.13 72.80 64.99 31.69
% Democrats 0.73 0.64 0.73 0.73 94.29 94.58 91.69 84.47
% Noncitizen 0.17 0.17 0.17 0.18 90.15 90.13 83.20 61.09
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Table 4: Neighborhood Turnout in 2016 and 2017 General Elections

Turnout Rate
(1) (2) (3)

D(2017) −0.339∗∗∗ −0.343∗∗∗ −0.334∗∗∗

(0.007) (0.007) (0.009)

D(Treat) 0.016∗∗ 0.008∗ 0.287∗∗∗

(0.008) (0.005) (0.105)

D(2017) × D(Treat) −0.027∗∗∗ −0.026∗∗∗ −0.028∗∗

(0.008) (0.008) (0.011)

Constant 0.647∗∗∗ 0.052 0.320
(0.100) (0.049) (0.374)

Congressional District FEs X X X
Controls Included X X
Block Group FEs X
Observations 1,276 1,276 1,276
R2 0.684 0.846 0.907
Adjusted R2 0.681 0.843 0.818

∗∗∗𝑝 < 0.01, ∗∗𝑝 < 0.05, ∗𝑝 < 0.1.
Robust standard errors (clustered at match level) in parentheses.

Table 5: Results of Shifting Birthdates

Group Number of Matches Between
DOCCS and Voter File Records

Actual Birthdate 20,955
Birthdate + 35 Days 105
Birthdate  35 Days 92
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Introduction

The political history of the United States has been characterized by a general, if nonlinear, trend

toward universal suffrage (see, for instance, Keyssar 2009). At the time of the nation’s founding,

access to the ballot box was restricted to landed White men; over the following two centuries, the

franchise was greatly expanded. Today, voting rights are considered foundational aspects of full

citizenship (United Nations General Assembly Resolution 2200 (XXI)). Despite the United State’s

march toward evermoreinclusive systems of democracy, however, one large group of American

citizens is formally barred from voting. In most of the United States, citizens convicted of felonies

are at least temporarily prohibited from casting ballots in elections (Justice 2019). Although some

states such as Florida and Louisiana have gradually moved to dismantle their systems of felony

disenfranchisement, an estimated 4.7 million American citizens remain disenfranchised (Uggen,

Larson, and Shannon 2016).

This paper furthers our understanding of the political implications of felony disenfranchisement by

investigating its indirect turnout effects at the local level in NewYork City’s 2017 mayoral election.

Using administrative data from the Department of Corrections and Community Supervision and the

registered voter file, I redefine “lost voters” as disenfranchised individuals with a history of voting.

I test the effect of lost voters on neighborhood turnout after controlling for general neighborhood

exposure to the criminal justice system, allowing me to tease apart the effect of disenfranchisement

from the bundled indirect effects of overpolicing. I demonstrate that the neighborhoods left behind

by lost voters turned out at substantially lower rates than other similar neighborhoods — and that

there is likely a causal relationship at play.

Given the reality of economic and racial segregation, it should not be surprising that the effects of

felony disenfranchisement are highly spatially concentrated. Data available from New York City

shows that in 2017, 10 of the NewYork Police Department’s 77 precincts were responsible for more

than a quarter of all arrests for felony charges. Many scholars have detailed the impact of living

in areas with high levels of police activity. Residents of such neighborhoods suffer from worse
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physical health (Sewell and Jefferson 2016) and are more likely to suffer from anxiety and exhibit

symptoms of trauma (Geller et al. 2014). The labor markets and social networks in neighborhoods

with high levels of policing and incarceration are disrupted (Clear 2008), while concentrated polic

ing has also been credited with having a “chilling effect” on neighborhoods’ willingness to reach

out for help to local governments (Lerman and Weaver 2013). Perhaps most troubling of all, these

effects are not concentrated in random neighborhoods; as Gelman, Fagan, and Kiss (2007) shows,

for instance, New York’s “stopandfrisk” policy impacted Black and Latino New Yorkers at rates

far higher than Whites, even after controlling for neighborhood variability and racespecific arrest

rates. The result is a disenfranchised population that looks far different than the rest of the state:

according to data from the New York State Department of Corrections and Community Supervi

sion, 49.5% of individuals who were incarcerated in December of 2018 were nonHispanic Black,

although the Census Bureau estimates that just 14.3% of the citizen voting age population in the

state is nonHispanic Black.1

Felony disenfranchisement policies are part of a criminal justice system that disproportionately im

pacts Black Americans living in certain communities. The neighborhoodspecific implications of

felony disenfranchisement, however, remain largely unstudied. A number of studies have explored

the effect of imprisonment and disenfranchisement on later political participation (White 2019b;

Gerber et al. 2015; Burch 2011). Others have looked at the spillover effects of disenfranchisement

on eligible Black voters at the state level (Bowers and Preuhs 2009; King and Erickson 2016).

With the exception of Burch (2013), however, little attention has been paid to the impact of felony

disenfranchisement on political participation at the neighborhood level.

Improving upon this literature is of great importance when we consider the spatial concentration

of incarceration — and, therefore, disenfranchisement. If the spillover effects of felony disenfran

chisement are widely dispersed, the political consequences are likely similarly diffuse. If, however,

the effects are both large enough to be detected at a statewide level (as the literature hints it might

be) but also concentrated in a few neighborhoods, disenfranchisement laws likely severely under

mine local political representation. This lowered participation can disadvantage neighborhoods
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insofar as they have unique candidate preferences (Kinsella, McTague, and Raleigh 2015). It could

also lower the resources distributed to these neighborhoods, as politicians determine that too few

votes can be won through investing in these areas (Martin 2003; Martin and Claibourn 2013). This

is not merely of theoretical concern: research indicates that turnout differentials at the city level

have material consequences. As Hajnal (2009) tells us: “low [and uneven] turnout results in losses

in mayoral elections, less equitable racial and ethnic representation on city councils, and spending

policies that are less in line with the preferences of racial and ethnic minorities and other disadvan

taged groups” (p. 8).

Literature on the Indirect Effects of Felony Disenfranchisement

A number of recent papers have attempted to estimate the indirect effects of felony disenfranchise

ment on turnout. These papers have generally looked for effects at the state level, and have come to

different conclusions. King and Erickson (2016), for instance, leverages statelevel variation in dis

enfranchisement laws to estimate the impact that felony disenfranchisement has on turnout among

Black Americans. They use data from the 2004 Current Population Survey Voting and Registra

tion Supplement to calculate statewide turnout rates, and include estimates of the share of Black

Americans who are disenfranchised in each state fromManza and Uggen (2008) to explore the im

pact of these policies on eligible voters. They conclude that disenfranchisement has large spillover

effects for Black voters: where more Black residents are disenfranchised, eligible Black voters are

less likely to cast a ballot. These findings are in line with other research that has explored whether

the effects of disenfranchisement extend beyond those whose voting rights are directly suspended

(Bowers and Preuhs 2009; Ochs 2006). As Bowers and Preuhs (2009) sums up: “[I]t is not solely

the direct vote of exfelons that is denied through these laws. [Felony disenfranchisement] impacts

the political power of communities that extends beyond felons’ collateral penalty” (p. 724).

Miles (2004), however, leverages a tripledifferences framework to investigate whether felony dis

enfranchisement reduces participation at the state level. This paper is more methodologically so
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phisticated than other research in this body of literature, and Miles (2004) finds littletono effect

from felony disenfranchisement on statewide turnout. The statewide research is thus in conflict

— it is unclear that felony disenfranchisement has a big enough effect on turnout to be detected at

the state level. Despite its methodological improves, Miles (2004) (like the other literature looking

for statewide disenfranchisement turnout effects) uses the total disenfranchised population in each

state, without disentangling the disenfranchised voters who would have voted in the absence of the

policy from those who would not have.

Research looking for the effect of felony disenfranchisement in statewide statistics is fundamentally

flawed. This approach is generally taken more for methodological reasons (disenfranchisement

policies vary between but not within states) or practical reasons (national data at lower geographic

levels about incarceration and voting patterns is difficult to find), but not for theoretical ones. The

effects of incarceration — and, therefore, felony disenfranchisement — are not uniformly dis

tributed throughout a given state; if felony disenfranchisement reduces turnout, it is likely to do so

in geographically concentrated ways. Voting is a social act, and social networks play an important

role in predicting political participation (e.g. Foladare 1968; Huckfeldt 1979; Kenny 1992; Mutz

2002). Literature from urban sociology has established that social networks are largely spatially

bounded, and that local social ties are more important in lowerincome neighborhoods (Guest and

Wierzbicki 1999; Dawkins 2006). It should be no surprise, then, that neighborhoods have been

shown to mobilize and demobilize voters through mechanisms aboveandbeyond individual char

acteristics (Gimpel, Dyck, and Shaw 2004; Cho, Gimpel, and Dyck 2006). This is also the level at

which any effect from felony disenfranchisement should theoretically operate.

The little research looking for turnout effects at the local level, however, is similarly conflicting.

Burch (2013), for instance, demonstrates that block groups in North Carolina with higher levels

of incarceration had lower turnout. White (2019a), on the other hand, finds that incarceration has

only moderate indirect effects on voting. She finds “evidence of a shortterm demobilization effect

for people who see household members convicted or jailed in the weeks before the election, but

no evidence of a lasting turnout effect from these experiences” (p. 607). Neither of these papers,
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however, account for felony disenfranchisement laws per se, but rather test the bundled indirect

effects of proximal contact with incarceration (inclusive of disenfranchisement). Disenfranchised

individuals who would not have voted in the absence of their incarceration are not directly affected

by disenfranchisement policy; any indirect turnout effects associated with their incarceration, there

fore, cannot be attributed to disenfranchisement policy.

This study addresses with both problems with the existing literature. I deal with geographic con

centration by testing the relationship between felony disenfranchisement and turnout at the Census

block group level. Secondly, I do not look for the indirect effects of proximal contact with any indi

vidual incarcerated or paroled; rather, I test the relationship between neighborhood turnout and the

disenfranchisement of an individual with a demonstrated history of voting. As Gerber, Green, and

Shachar (2003) and others indicate, past turnout is a very strong predictor of future turnout. Thus,

by defining lost voters as individuals who previously participated, I can identify the individuals

most likely to vote in the absence of felony disenfranchisement laws — and therefore the individ

uals (and neighborhoods) most directly impacted by these laws. Although data on neighborhood

incarceration rates is not available, I decompose the effect of disenfranchisement from the bundled

treatments of exposure to the carceral state by controlling for neighborhood police stop rates.

Data

Criminal Justice Data

The primary criminal justice dataset comes from a public records request filed with the New York

State Department of Corrections and Community Supervision (NYSDOCCS). These records in

clude individuallevel incarceration and parole records for individuals who have been incarcerated

in New York State since 1990. The data includes a host of information, including: first, middle,

and last name; date of birth; class of offense; incarceration start and end dates; dates of parole; sex;

race; and others.
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The state makes records available only for individuals who have been incarcerated for felony of

fenses. It does not make information about individuals sentenced to probation or incarcerated for

misdemeanors. Thus, while the data covers all individuals subject to felony disenfranchisement

rules (only individuals incarcerated for felony offenses lose their voting rights), it limits the avail

ability of a potentially helpful control group. It does not include individuals who are held in federal

prisons; however, because the vast majority of incarcerated felons are held in state prisons, this is

unlikely to affect the analysis.

Voter File Data

Most states in the United States are required to maintain files with information on all registered

voters. In New York, this information is publicly available from the Board of Elections. It includes

information on all registered voters, including: first, middle, and last name; date of birth; vote

history; and other information. The New York State Voter File also includes information on voters

who were previously registered but have since been purged, either because they moved, died, or

were incarcerated for a felony offense. I use a snapshot of the registered voter file from April 30th,

2018.

The New York State Voter File is unique in its treatment of “purged” voters: although most states

remove voters from their voter files once they are no longer eligible to vote, New York continues

to include them in the file (but marks them as purged). I can therefore identify voters who were

registered in the past but have since been purged due to a felony conviction.

Further discussion about how these administrative records are linked and geocoded can be found

in the Supplemental Information.
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Research Design and Expectations

I begin with an ordinary least squares regression estimated at the block group level. In this re

gression, neighborhood turnout is the dependent variable, while the number of lost voters is the

independent variable of interest. I look at the 2017 mayoral election in New York City, and define

a “lost voter” as an individual incarcerated or on felony parole on Election Day in 2017 who cast

a ballot sometime between 2007 and 2016. Although the 2017 mayoral election was a low turnout

contest, Hajnal (2009) argues that these low turnout local elections are precisely where differential

turnout rates can have the biggest consequences.

A regression that looks at turnout only in one year can shed little light on the causal effect of felony

disenfranchisement. After investigating whether neighborhoods with lost voters turned out at lower

rates in 2017, I use data from the 2016 presidential election to ask whether the loss of a voter leads

to depressed turnout. I limit the pool of block groups to block groups with no lost voters in 2016,

and test whether neighborhoods that had a lost voter one year later saw turnout decrease relative

to their own history in 2016, and the 2017 turnout of neighborhoods that did not lose a voter in

that period. Treated neighborhoods — neighborhoods that lost a voter between the 2016 and 2017

elections — are genetically matched to untreated neighborhoods. The matching procedure ensures

that, prior to treatment, treated and control observations are substantially similar to one another

based on observable characteristics.

I expect that neighborhoods with lost voters turned out at lower rates in 2017, and that the loss of a

voter to felony disenfranchisement causes neighborhood turnout to decline. I expect these effects

to operate through three primary mechanisms:

• Firstly, lost voters are likely members of families and communities where voting is valued.

Because voting is a social act, incarcerated individuals who have participated in the past

likely have family members who also vote. Proximal contact with an incarcerated individual

can only have a depressive effect among eligible individuals who would have voted in the
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absence of the contact. Lost voters are more likely to be in relationship with individuals who

would likely vote — and who therefore can have their turnout depressed.

• Secondly, wouldbe voters can encourage their family members and neighbors to go to the

polls on Election Day. The removal of an individual who would provide social pressure to

vote can reduce the sociality of voting for others and reduce their likelihood of voting.

• Thirdly, proximal contact with voters who are imprisoned might change attitudes toward the

state more dramatically than proximal contact with nonvoting individuals who are incarcer

ated. Voters are widely considered to be upholding their civic duty through participation; the

incarceration of an engaged, dutiful citizen has the potential to change an eligible voter’s per

ception of the state and democratic participation more than the incarceration of an individual

who was not actively engaged through voting.

Results

Figure 1 shows where lost voters lived before going to prison, with city council districts also in

cluded. There were 2,518 such lost voters within New York City as of the 2017 general election.

FIGURE 1 ABOUT HERE

Although 73,223 individuals were formally disenfranchised as of the 2017 election, there were just

6,166 disenfranchised voters statewide who had participated in the past 10 years.2 Just 8.4% of

formally disenfranchised individuals, therefore, were individuals with a demonstrated history of

participating.

The spatial concentration of lost voters is readily apparent. In some communities, such as Green

wich Village and Brooklyn Heights, hardly any voters were disqualified from participating in the

2017 elections. In other communities, such as Harlem and Central Brooklyn, large numbers of past

voters were not allowed to cast a ballot for mayor.
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Table 1 demonstrates just how different the neighborhoods with lost voters are from the rest of

the city. The first column in Table 1 weights the chacteristics of each block group in the city

by its population; the second column weights the block groups by their number of lost voters.

The median income in neighborhoods with lost voters is less than threequarters that of unaffected

neighborhoods. The average lost voter came from a neighborhood that was nearly twice as Black

as the city as a whole; their neighborhoods were also home to a far larger share of Democratic

voters than other neighborhoods. Unsurprisingly, lost voters also came from neighborhoods with

60% more police stops than the citywide average.

TABLE 1 ABOUT HERE

Testing for Neighborhood Turnout Differences

I begin by asking whether turnout was lower in the 2017 mayoral election in neighborhoods with

lost voters. Block group turnout rates are calculated using the geocoded voter file. Each voter’s

record indicates whether the voter participated in the 2017 general election. These records are then

aggregated to estimate the number of ballots cast in each neighborhood. The number of ballots cast

is divided by the neighborhood’s citizen voting age population (CVAP, estimated by the Census

Bureau). The independent variable of interest measures the number of lost voters in a neighborhood.

I also control for other social and political indicators: neighborhood racial characteristics, median

income, education, age, population, and share noncitizen3 come from the Census Bureau’s 2017 5

year American Community Survey estimates. Party affiliation rates come from the geocoded voter

file. Registration rate is calculated by dividing the number of registered voters (calculated using

the voter file) by the CVAP. I include voteshare won by the winning city council representative in

2017 as a proxy for the competitiveness of the local race;4 where city council district races were

more competitive, I expect that more voters will have turned out.

To completely decompose the effects of disenfranchisement from incarceration more generally, we

would need to control for the number of incarcerated or paroled individuals in a neighborhood.
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If, after controlling for a neighborhood’s general exposure to incarceration, there was a negative

turnout effect from the loss of a voter, that loss could be attributed to disenfranchisement.

Unfortunately, such data does not exist; the State of New York does not make preincarceration ad

dresses available to the public. In its place, I use data from the NYPD on stopandfrisk encounters

with the police. These models include the number of times residents were stopped by the police

from January – October of 2017. This is intended to control for general neighborhood exposure to

the carceral state.

Much of the literature has discussedwhether felony disenfranchisement is particularly demobilizing

for eligible Black voters. Model 2, therefore, interacts the number of lost voters with the share of

the block group that is nonHispanic Black.

Table 2 presents the results of ordinary least squares regressions testing neighborhood turnout rates

in 2017. Robust standard errors are clustered by city council district.5

TABLE 2 ABOUT HERE

The results presented in Table 2 indicate that neighborhoods with lost voters turned out at lower

rates in the 2017 election. Each missing voter in a block group reduces that neighborhood’s turnout

by about 0.8 percentage points. Model 2, however, makes clear that this effect is concentrated in

Black neighborhoods. In neighborhoods where most residents are Black, each lost voter is asso

ciated with a turnout decrease of up to 1.93 percentage points. The neighborhoods most affected

by felony disenfranchisement are neighborhoods where incarceration patterns overlap with Black

communities.

The block groups where these depressive effects are concentrated are not randomly distributed

throughout the city. They are highly spatially concentrated in Central Brooklyn, Eastern Queens,

and Harlem. Figure 2 applies the coefficient on 𝐿𝑜𝑠𝑡 𝑉 𝑜𝑡𝑒𝑟𝑠 × 𝑆ℎ𝑎𝑟𝑒 𝐵𝑙𝑎𝑐𝑘 from Model 2 in

Table 2 to the city’s block groups. The estimated depressive effect is −0.019 × 𝐿𝑜𝑠𝑡 𝑉 𝑜𝑡𝑒𝑟𝑠 ×
𝑆ℎ𝑎𝑟𝑒 𝐵𝑙𝑎𝑐𝑘.

FIGURE 2 ABOUT HERE
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Toward a Causal Estimate

As the analysis above make clear, neighborhoods with lost voters saw substantially lower turnout

in the 2017 mayoral election than neighborhoods without lost voters. The possibility remains,

however, that treated neighborhoods systematically differ from untreated neighborhoods in ways

that cannot be accounted for using the available data. Moreover, by looking at turnout from just one

election, the best we could hope to uncover is a correlation between disenfranchisement and turnout.

Uncovering the causal effect requires looking across elections (or the very strong assumptions that

all relevant neighborhood characteristics are accounted for).

In order to estimate the causal effect of felony disenfranchisement on neighborhoodlevel turnout, I

now test whether losing a voter between the 2016 and 2017 elections resulted in decreased turnout in

2017. I begin by restricting the set of neighborhoods to only neighborhoods that had no lost voters

on election day in 2016. This process is the inverse of the process described above: I identify all

individuals who were in prison or on parole on November 8th, 2016, who had cast a ballot between

2006 and 2015. These individuals’ home neighborhoods are removed from the subsequent analysis.

I then identify the neighborhoods that did have lost voters in 2017; these block groups are our

“treated” block groups, while the neighborhoods with lost voters in neither 2016 nor 2017 serve as

our controls.

Of course, as demonstrated in Table 1, neighborhoods with lost voters are very different than neigh

borhoods without lost voters. Control and treatment neighborhoods might have different levels of

turnout in 2017 even in the absence of felony disenfranchisement. To account for this possibility,

I use a genetic matching model (Sekhon 2011) to match each treated block group to one untreated

block group, using the same characteristics detailed in Table 2 but based on their 2016 characteris

tics. Matched ties are not broken, leaving the potential for some treated block groups to match to

more than one control; the observations are weighted accordingly. Only treated block groups and

the untreated block groups with which they match — the controls — are retained.

Although it may seem counterintuitive to discard some potential control block groups, doing so
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gives us a major advantage: it allows us to conceptualize the “treatment” (the loss of a voter)

as a natural experiment. Because the treatment and control groups look similar based on their

observable 2016 characteristics, the treatment can be understood as quasirandomly assigned.

Table 3 presents the results ofmatching on these subsets of neighborhoods. Thematching procedure

substantially improves the similarly between treated and control block groups along all character

istics. Table 3 mirrors Table 1 above: treated neighborhoods are far less White, had many more

stopandfrisk encounters, and had much lower median incomes.

TABLE 3 ABOUT HERE

In Table 4, I present the outcome of an OLS regression on this subset of block groups. The variable

D(2017) tests whether turnout for control block groups declined in 2017 relative to 2016. I test

whether there was a difference in turnout between control and treatment neighborhoods in 2016

with D(Treat). Of most interest is the coefficient on D(Treat) × D(2017), which tests whether

turnout decreased more from 2016 to 2017 in treated block groups than in the controls. Model 1

includes only these covariates (and fixed effects for Congressional district to account for potential

differences in competitiveness in 2016), while Model 2 also includes the variables that were used

for the matching procedure. Since each neighborhood appears in the panel twice — once in 2016,

and once in 2017—each observation takes the characteristics of the year in which it appears. This is

especially important for the stopandfrisk variable: Model 2 specifically controls for the possibility

that police activity increased more in treated neighborhoods in 2017. Model 3 adds block group

level fixed effects to Model 2 in order to control for timeinvariant neighborhood characteristics.

Robust standard errors are clustered at the level of the match (Abadie and Spiess 2019).

TABLE 4 ABOUT HERE

Table 4 makes clear that the removal of lost voters likely has a causal effect on neighborhoods’

turnout rates. In each specification, turnout decreased from 2016 to 2017 in treated neighborhoods

by at least 2.6 percentage points more than in untreated neighborhoods. It is worth noting that this

is the treatment effect on the treated — which is to say, it is estimated using only the 319 neigh
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borhoods with no lost voters in 2016 who lost one in the subsequent year. These neighborhoods

may differ from neighborhoods that had lost voters in both 2016 and 2017. The marginal effect

of a lost voter could be lower in neighborhoods that consistently have lost voters and thus have

less to “learn” about the state from the loss of any one individual to incarceration. Neighborhoods

that consistently have lost voters are more likely to be the places most impacted by felony disen

franchisement. Among block groups that had a lost voter in 2017, those who had no lost voters in

2016 were higherincome ($51k versus $56k), had higher shares nonHispanic White (16% versus

21%), a lower share nonHispanic Black (39% versus 32%), and a smaller share were registered as

Democrats (76% versus 73%).6

Of particular note is the lower share of the population in these neighborhoods that is Black. The

analyses above indicate that neighborhoods with more Black residents respond the most strongly to

felony disenfranchisement. The set of neighborhoods in this section, therefore, are likely among the

least likely to see this relationship. Nevertheless, that this relationship can be detected at the block

group level lends credence to the causal relationship between lost voters and depressed turnout.

Discussion

During the 2017 mayoral election, felony disenfranchisement laws were responsible for removing

an estimated 2,518 voters from New York City neighborhoods. The spatial concentration of these

lost voters is striking, as demonstrated in Figure 1, and the systematic removal of voters from

these neighborhoods is troubling. However, more than one million votes were cast in the general

election of 2017. Although felony disenfranchisement rules have implications for the individuals

targeted by them, the removal of such a small number of voters — concentrated though they are —

is unlikely to have large direct effects on turnout and representation.

As this analysis makes clear, however, felony disenfranchisement reaches beyond the individuals

who are incarcerated. Despite methodological problems, previous literature has hinted that felony

disenfranchisement impacts Black turnout at the state level; this analysis demonstrates that these
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demobilizing effects intersect with geographical space to systematically depress the vote in neigh

borhoods where voters are being sent to prison. As discussed above, these neighborhoods have far

lower incomes than the rest of the city: the median income of block groups without any lost voters

is more than 40% higher than the median income of block groups with lost voters. Similarly, just

17% of individuals in the average block group with a lost voter were White, compared with 40% of

the population in other block groups. Felony disenfranchisement has spillover effects on neighbor

hood turnout, and these neighborhoods systematically differ from the rest of the city’s population.

The effects are concentrated in neighborhoods where the most marginalized members of society

live. These highly concentrated spillover effects are cause for major concern.

Of equal concern is the apparent concentration of these effects in Black neighborhoods. Table 2

indicates that once the lost voter indicator is interacted with the share of a neighborhood that is non

Hispanic Black, the lost voter indicator is nonsignificant. This means that lost voters have little

spillover effects in neighborhoods with small Black populations. Understanding the magnitude

of this finding is important. In New York City, there are 1,386 block groups where the Black

community makes up more than 38% of the population (the average for treated block groups), with

an average of 912 voting age citizens. Model 2 of Table 2 indicates that, in a block group that is

38%Black with a citizen voting age population of 912, having any lost voter reduced turnout by 6.7

ballots. Conversely, in a block group with the same voting age population that is just 16% Black

(the average for untreated block groups), the loss of any voter decreased turnout by just 1.7 ballots

— hardly more votes than the lost voter herself.

Why do lost voters in Black neighborhoods have such large spillover effects, when lost voters in

predominantly nonBlack neighborhoods do not? Much of the previous literature in this space

establishes that individuals who have negative interactions with the government are less likely

to choose to interact with the state in the future — that these interactions have large “interpretive

effects” (Pierson 1993). Lerman andWeaver (2013), for instance, shows that neighborhoods where

there are many police stops that involve searches or use of force use 311 services less frequently.

Weaver and Lerman (2010) argues that interactions with the criminal justice system changes how
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individuals understand both their identities as citizens and the nature of governmental structures.

Similarly, Lerman and Weaver (2014) tells us that those who have had contact with the criminal

justice system consider political participation not just unfruitful but rather “as something to be

actively avoided” (p. 16). It is perhaps unsurprising that the negative spillover effects are largest

in neighborhoods where criminal justice involvement is most keenly (and unfairly) felt; namely, in

plurality and majority Black neighborhoods.

Individuals who live in neighborhoods where police activity is relatively limited may interpret the

incarceration of a neighbor as a largely individual phenomenon. If it is understood as an isolated

or individual event, voters in these neighborhoods who are not incarcerated are not likely to update

their view of the state. They may draw no connections between their neighbor’s imprisonment

and their own efficacy as a voter. In the neighborhoods where policing is most prevalent — often,

lowerincome Black communities — the incarceration of a neighbor might not be interpreted so

individualistically. It may, rather, be interpreted as another reminder of the government’s unfair

ness. If a wouldbe voter finds herself soured on political participation because of her neighbor’s

incarceration, she may be less likely to cast a ballot.

A large body of research indicates that, even after controlling for various sociodemographic char

acteristics and interactions with the police, Black Americans have far more negative views of the

criminal justice system than White Americans (e.g. Browning and Cao 1992; Hurwitz and Peffley

2005; Henderson et al. 1997; Wu, Sun, and Triplett 2009). Experience with the criminal justice

system is less likely to be viewed in isolation (and therefore more likely to affect voting patterns) in

Black neighborhoods. There is therefore strong reason to suspect that the concentrated depressive

effects of felony disenfranchisement in Black neighborhoods arise from these distinct interpreta

tions of the act of incarceration by the state.

Ultimately, the analysis at hand cannot answer the causal mechanism for these depressive effects,

or why the depressive effect is concentrated in Black neighborhoods. As Walker (2020) notes,

“contextual measures of proximity do not accurately assess the relational aspect central to the con

15



cept of proximal contact” (p. 123). Administrative data can only get us so far. Other research

designs are necessary to investigate how neighbors understand the incarceration of their neighbors,

how they react on voting day, and whether these effects are racially moderated. Much of the work

being done by Hannah Walker and coauthors (Walker 2014, 2020; Walker and GarcíaCastañon

2017) does point to racial differences in political responses to proximal contact with systems of

incarceration.

This paper uncovers surprisingly large effects. It is possible that, despite controlling for neighbor

hood exposure to the carceral state using stopandfrisk data, the analysis cannot entirely decompose

the effect of disenfranchisement from the bundled experience of seeing a neighbor go to prison. Fu

ture research must gather better data on local patterns of incarceration in order to better distinguish

turnout patterns in neighborhoods where voters are sent to prison from neighborhoods where non

voters are incarcerated. Future work should similarly test whether these effects, identified in a

relatively uncompetitive local election, are also present in competitive and national elections.

For decades, scholars have detailed the problems associated with poor and segregated urban neigh

borhoods (Wilson 1990). More recent work has begun to interrogate the ways in which the increas

ing reach of the carceral state shapes the economic and political behavior of individuals caught up

in the criminal justice system and their community members. Much of this work, however, has

focused on either the impacts of living in marginalized communities (by measuring health and eco

nomic impacts) or has not accounted for the importance of physical space (by focusing only on

proximal social, and not geographic, contact with directly impacted individuals). This analysis al

lows us to understand the implications for living in a neighborhood where individuals likely to cast

a ballot are not allowed to because of a felony conviction. I find that neighborhoods that are home

to lost voters — and particularly neighborhoods with large Black populations — systematically

turn out for local elections at lower rates than otherwise similar neighborhoods.

This has major ramifications for how we understand the political positioning of the minority neigh

borhoods most impacted by overpolicing and incarceration. In the case of the 2017 election, there
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were likely no electoral consequences: Bill de Blasio won reelection handily, and neighborhoods

with lost voters overwhelmingly supported his candidacy. A lack of electoral consequences in

2017, however, should not be interpreted to mean that the disparate and concentrated depressive

effects of felony disenfranchisement never have implications for who is elected to local office. As

Hajnal and Trounstine (2005) shows, racial turnout differentials can have real consequences for

city politics.

Moreover, we cannot conclude that depressed turnout in these neighborhoods in 2017 had no impact

on their representation. City council members representing these neighborhoods, for instance, may

determine that pushing for policies popular with these constituents (such as stricter police oversight)

will not garner enough votes to make such a fight worthwhile. Although spillover effects from

felony disenfranchisement may not have changed who won power in 2017, it very possibly altered

how those individuals held and used their power.

Felony disenfranchisement laws, originally adopted during Jim Crow, have taken on a new life in

the era of mass incarceration. Abundant research has demonstrated the pernicious ways in which

overincarceration dogs the lives of poor and nonWhite Americans. As this study shows, however,

the neighborhoods bearing the brunt of felony disenfranchisement are also seeing their political

power diminished through reduced turnout. The interlocking nature of racioeconomic segregation,

policing patterns, and felony disenfranchisement all combine to undermine the political power of

marginalized communities in New York City.
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Supplemental Information

I here present more information on how the full data set used in the body of this paper was con

structed.

Geocoding

Voters’ home addresses were converted to latitudes and longitudes using a geocoder provided by

SmartyStreets. I then used the statistical software R to map these latitudes and longitudes to cen

sus block groups, census tracts, and city council districts using shapefiles publicly available from

the Census Bureau and the City of New York. This geocoder is not perfect: among individuals

registered to vote in New York City, the geocoder failed to determine the latitude and longitude of

the addresses of 1% of registered voters. The geocoder was slightly less successful when it came

to lost voters (defined and discussed below); 1.6% of these individuals were not geocoded. Vot

ers who were not successfully geocoded are dropped from the dataset; however, because so few

observations went uncoded, it is unlikely to affect the analysis.

Matching

I construct the primary dataset by matching the administrative criminal supervision records with

the registered voter file. I match using first, middle, and last names, as well as dates of birth.

Capitalization in names in both datasets is standardized, and punctuation and spaces are removed.

If a middle name is missing in one dataset but not in the other, I consider this a match. Similarly,

if one dataset includes only a middle initial which matches to the first letter of the middle name

the other data set, this is considered a match. First and last names, and dates of birth, must match

exactly between the two datasets.

To test for false positive matches, I employ the test developed in Meredith and Morse (2013). I

slightly alter the date of birth reported in the NYSDOCCS dataset to create false records. Com
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paring the number of matches between these “fake” records and the voter file with the number of

matches between the “true” records and the voter file provides an estimate of how frequently false

positives occur. Table 5 shows the results of true matches, as well as matches using a set of fake

records created by adding or subtracting 35 days from an individual’s birthdate. This analysis in

dicates that false positives account for between 0.4 and 0.5% of all matches, a share that is likely

too small to have any material impact on the overall analysis. The numbers in Table 5 are derived

by matching (and modifying) all individuals who were incarcerated or on parole on Election Day

in 2017 with the registered voter file from April of 2018.

TABLE 5 ABOUT HERE

Testing for false negatives is more challenging. If an individual marries and changes her name after

being discharged from parole, for instance, I will not identify her using my matching methodology.

For two reasons, however, false positives are unlikely to pose major challenges: firstly, women are

far more likely to change their last names than men, and women make up barely 6% of individuals

who have been discharged from felony parole. Secondly, because both parolee discharge and voter

registration are legal records, individuals are likely to be recorded using their full names (that is to

say, an individual is unlikely to be “Alex” in one set of records and “Alexander” in the other).

Notes

1Latinos are also overrepresented among the incarcerated population, though not as dramatically: Latinos make

up 14.1% of the citizen voting age population and 22.9% of the incarcerated population.

2Because address prior to incarceration is not available for individuals who were not registered to vote, computing

the total number of formally disenfranchised individuals in New York City is not possible.

3The Census Bureau does not make noncitizen estimates available at the block group level. As such, block groups

are assigned their census tract’s share noncitizen for matching purposes.

4Where neighborhoods cross council district lines, this measure is the mean competitiveness faced by each voter

in the neighborhood
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5Where neighborhoods cross city council district lines, they are assigned the district in which most of their voters

live for clustering purposes.

6Each of these differences are significant at the 99% confidence level.
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